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Why?

I How well does a system meet (different kinds of) goals?

I Compare systems (and tasks)

I Find possible improvements
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PARADISE
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PARADISE
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PARADISE
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PARADISE: User satisfaction

I am satisfied with the performance of the system
Strongly disagree 1–2–3–4–5–6–7 Strongly agree

It is simple to use
Strongly disagree 1–2–3–4–5–6–7 Strongly agree

It is fun to use
Strongly disagree 1–2–3–4–5–6–7 Strongly agree

It does what I expect it to do
Strongly disagree 1–2–3–4–5–6–7 Strongly agree

6 / 24



PARADISE
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PARADISE: Task success

I Kappa coefficient (Carletta
1996)
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PARADISE: Task success

Figure: Confusion matrix for Agent B
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PARADISE: Task success

I Actual agreement: P(A) =
∑n

i=1 M(i ,i)
T

I Expected agreement: P(E ) =
∑n

i=1 M(( ti
T )2

I Kappa coefficient: κ = P(A)−P(E)
1−P(E)
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PARADISE: Cost
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PARADISE: Cost

Efficiency measures

I Number of utterances

I Dialogue time

I ...

Qualitative measures

I Response delay

I Number of repairs

I ...

What else could you measure?
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PARADISE: Performance

Performance = (α ∗ N(κ)) −
∑n

i=1 wi ∗ N(ci )
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PARADISE

Is this really PARADISE?
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PARADISE

I Not all factors have to be significant

I How much of the variance can be explained? (R2)

I Significance of the performance

I Hidden variables

I What does the performance score mean?

I Why linear regression?
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Hidden variables & interpreting scores

I Gold standard: Human conversation

I baseline for comparison
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Hidden variables & interpreting scores
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Colaborative filtering
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Colaborative filtering

1. Extract a feature vector for each dialog

2. Create dialog clusters

3. Build linear regression models for the clusters

4. Give an unseen dialog a feature vector

5. Assign the dialog into a cluster

6. Use the cluster specific linear regression model to predict user
satisfaction
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Colaborative filtering
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Colaborative filtering
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Colaborative filtering
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Evaluating Dialogue Systems

Thank you for your attention!
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